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Abstract 

Background  Sustained remote learning environments, like those experienced in late 2020 due to the COVID-19 
pandemic, share characteristics with online courses but were not intentionally designed to delivered virtually. The 
purpose of this study was to investigate the impact of Community of Inquiry, a widely used online learning environ-
ment framework, and self-efficacy on perceived student attitudes within sustained remote learning environments.

Methods  An interinstitutional team of health professions education researchers collected survey data from 205 
students representing a wide range of health professions in five U.S. institutions. Latent mediation models under 
structural equation modeling framework were used to examine whether student self-efficacy mediates the relation-
ship between Community of Inquiry presence and student’s favorability of sustained remote learning delivered in the 
prolonged stages of the COVID-19 pandemic.

Results  Higher levels of teaching presence and social presence in the remote learning environment were associated 
with higher levels of remote learning self-efficacy which, in turn, predicts variance in positive attitudes toward remote 
learning. When mediated by self-efficacy, significant variance in student’s favorability of sustained remote learning 
was explained by teaching presence (61%), social presence (64%), and cognitive presence (88%) and self-efficacy. 
Significant direct and indirect effects for teaching and social presence, and only direct effects for cognitive presence 
were observed.

Conclusions  This study establishes the Community of Inquiry and its three presence types as a relevant and stable 
framework for investigating sustained remote health professions teaching and learning environments, not only care-
fully designed online learning environments. Faculty may focus course design strategies which enhance presence and 
increase student self-efficacy for the sustained remote learning environment.
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In March 2020 COVID-19 forced students and fac-
ulty into lockdown and remote learning conditions for 
approximately three months [1, 2]. During this emer-
gency remote transition (ERT), the opportunity to care-
fully select course modality informed by self-efficacy for 
a particular learning environment, and the time required 
to design a course which effectively facilitates online 
learning [3] was not available. By September 2020, 
higher education institutions faced decisions about 
returning to campus, and many institutions continued 
with virtual learning [4, 5]. At this stage of the pandemic, 
students and faculty emerged from rapidly ERT courses 
into sustained remote learning environments (SRLEs) 
[6] while the return to face-to-face instruction was inter-
mittent. SRLEs can be characterized as sharing more 
characteristics with online courses because planning is 
more feasible, and the participants have gained distance 
learning experiences, but SRLEs are not equivalent to 
online learning environments because pedagogical strat-
egies for instruction, engagement, and assessment were 
not intentionally used in advance of course design or 
delivery [6, 7].

Community of Inquiry (CoI) [8] is widely used to situ-
ate practices of online learning and establish elements of 
learning experiences related to student attitudes and out-
comes [9]. Researchers have primarily used CoI to inves-
tigate contexts in which students chose online modalities 
and faculty intentionally designed online courses. Addi-
tional factors enriching CoI include student attributes, 
such as self-efficacy. Self-efficacy has been applied to CoI 
investigations [10], related to perceived attitudes and out-
comes [11], and connected to future intentions for online 
learning [12].

In evolving and challenging conditions such as the 
COVID-19 pandemic, understanding the role of self-
efficacy in SRLEs may be the key to the student’s level 
of engagement and learning outcomes [13, 14]. Stud-
ies of self-efficacy and engagement during the early 
stages of the pandemic suggested that higher levels 
of self-efficacy enhanced student’s participation and 
attitude towards online learning [15, 16]. However, 
investigations of self-efficacy during COVID-19 have 
primarily used alternative theories (e.g. social cognitive 
theory, demands-resources-theory) to frame investiga-
tions, and have narrowed data collection and analysis to 
the ERT context, ignoring the SRLE context.

In summary, adapting courses to new modalities of 
learning require social, pedagogical, managerial, and 
technical faculty skillsets [17, 18] which develop with 
training and practice, little of which was available dur-
ing the COVID-19 sustained remote learning stage [19]. 
Because institutions must remain ready for another 
learning modality-altering situation [20], a better 

understanding of CoI and self-efficacy in SRLE may help 
address gaps in current practices and outcomes.

Community of inquiry
Using social-constructivist theory, the CoI frame-
work was built on three dimensions: teaching presence 
(design and facilitation of the course), social presence (to 
authentically project oneself online), and cognitive pres-
ence (creating and connecting meaningful ideas) [21]. 
Although each presence is unique, having all three pres-
ence-types in a course fosters enhanced learning experi-
ences for students [22].

The cognitive, social, and teaching presence constructs 
of CoI are typically measured using a 34-item Likert-scale 
instrument. Authors have demonstrated temporal stabil-
ity and contextual validity of the relationship of the three 
presences [23–25]. CoI has been used with online [26], 
blended courses [27], undergraduate, and graduate [28] 
level learners. CoI is relevant to international educational 
contexts [29, 30] and the instrument has been validated 
in multiple languages [31–33].

Implementation of CoI presence types relies on course 
design strategies that require planning [34, 35]. Instruc-
tors may include topic self-selection, role play, or reflec-
tive practices to foster cognitive presence [36]. Social 
presence may be included in course design through tech-
nical support, promotion of informal relationships, use of 
profiles and photos, and activities that draw out student 
feelings and experiences [37]. Finally, an instructor cre-
ates teaching presence through narrative, facilitating dis-
course, and detailed feedback [38]. However, the required 
“design and organization” ([35], p. 6) typical of online 
courses was not present in courses that rapidly transi-
tioned, and then persisted, in the SRLE. Thus, questions 
about CoI stability in SRLE remain.

Self‑efficacy
Self-efficacy considers students’ beliefs about their 
skills and abilities [39]. Within the context of this study, 
self-efficacy for learning in SRLE is highly relevant as 
course modalities continued to fluctuate throughout the 
COVID-19 pandemic [40, 41].

Regarding CoI in online courses, teaching presence 
positively predicted self-efficacy, and self-efficacy medi-
ated the effect between social and cognitive presence 
[42]. Martin et al. [9] encouraged scholars to investigate 
student attributes like self-efficacy alongside CoI to bet-
ter explain factors which may mediate or moderate com-
ponent relationships. Moreover, self-efficacy may be 
lower for marginalized populations such as females in 
STEM [43] and non-traditional students [44], thus mak-
ing it a vital consideration for equity.
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Attitudes towards learning
Understanding student attitudes is useful within the 
context of self-efficacy and SRLE. Chu et al. [45] found 
perceived outcomes and student satisfaction could be 
improved through facilitation of student interactions 
and course design fostering self-direction. Faculty that 
prepare students to learn in mediated environments, 
prioritize effective online systems use, and focus on 
practical problems helped improve student attitudes 
toward learning [45].

Attitudes towards learning have been investigated in 
face-to-face and online environments, consistently indi-
cating a positive relationship to performance [46–48]. 
Attitudes regarding motivation toward learning are linked 
to achievement [49] and satisfaction [50] in health profes-
sions. Favorability and satisfaction as a perceived health 
professions student outcome warrants investigation, not 
only for its positive links to student attitudes and out-
comes [51] but also for its accessibility and practical impli-
cations for faculty and course designers [52], particularly 
those considering CoI strategies to improve SRLEs.

CoI presence is a clear positive predictor of student 
attitudes in online contexts. Richardson et al. [37] con-
ducted a meta-analysis of social presence, finding COI 
explained student satisfaction, and that the relationship 
was moderated by course length where longer courses 
showed stronger social presence relationships. Cogni-
tive presence predicted satisfaction, persistence, and 
learning flow [53, 54]. Khalid et al. ([55], p. 66) summa-
rized the relationship between teaching presence and 
satisfaction as reciprocal, and “the construct of teach-
ing presence in the CoI framework is vital in sustaining 
course satisfaction”.

Lockdowns continue to occur globally [56, 57] and 
may continue to be used to prevent infection spread [58]. 
Therefore, the purpose of this study is to gain a better 
understanding of CoI in SRLEs. Increased understand-
ing is particularly necessary in health professions which 
require the delivery of practical courses such as anatomy, 
clinical care, and ultrasound techniques and are uniquely 
impacted by accelerated technological transitions [59, 
60]. In essence, applying the well supported CoI lens on 
the emerging SRLE modality represents both a theoreti-
cal and practical contribution to the field.

The following research questions were addressed:

RQ1: What is the relationship of Community of 
Inquiry presence types and favorability of sustained 
remote learning environments?
RQ2: How does self-efficacy mediate the relation-
ship between Community of Inquiry presence 
types and favorability of sustained remote learning 
environments?

Methods
An interinstitutional team of health professions educa-
tion (HPE) researchers from six U.S. universities and aca-
demic health centers collaborated to validate a revised 
CoI instrument. Following a comprehensive literature 
review of student online learning, the research team 
identified important constructs and corresponding items. 
Then, researchers revised and ranked the items to ensure 
fit for measuring modality change and construct. The 
survey included a series of demographic questions fol-
lowed by the 29 items statements on a six-point Likert 
scale from ‘strongly disagree’ (1) to ‘strongly agree’ (6). 
Each item asked students to rate their agreement with 
statements about experiences with learning and instruc-
tion during the global pandemic. The measurement con-
structs included self-efficacy, attitudes towards remote 
learning online, teaching presence, social presence, and 
cognitive presence. The 29-item instrument was found to 
have strong construct validity [61].

The overall cross-sectional study design analyzed self-
reported data collected in the CoI instrument [61]. The 
questionnaire and methodology for this study was first 
approved by Louisiana State University Health Sciences 
Center University Institutional Review Board, then sub-
sequently approved by the boards at participating institu-
tions. Researchers distributed the survey in the fall 2021 
to deans and program directors of health professions 
education programs at their respective institutions. Equal 
opportunity to participate in the survey was provided at 
each institution, limiting selection bias. The recruitment 
email contained a web-based link to an online consent 
document and the 29 survey items. Data were collected 
from 205 students enrolled in health professions cur-
riculums, 11 students who answered less than half of the 
survey were dropped from the analyses, leaving the final 
analytic sample of 194 students, primarily representing 5 
institutions.

Participants
A representative convenience sample of 194 students 
participated in the study. Majority of the students were 
White (63%) and females (74%). Most students were 
under the age of 35  years (82%), and smaller portions 
were between 35 and 44 (10%), or 45 and older (8%). 
The students were enrolled in their health profes-
sions programs at their institutions from fall 2019 to 
the fall 2021. The sample consisted of students from a 
wide range of programs with the majority in Nursing 
(18.5%), Doctor of Medicine (MD) (17.6%), and Phy-
sician Assistant (12.2%) programs. Forty six percent 
of the students were in doctorate degree, 33% were 
in master’s, and 21% were in bachelor’s or certificate/
associate degree. Seventy five percent of students had 
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online course experience prior to the pandemic; how-
ever, only 22% indicated “quite a bit” or “a great deal” of 
experience with online learning before the pandemic.

Measures
Learning modality change self‑efficacy scale
To assess students’ perceived self-efficacy in the learn-
ing modality change during the pandemic, a common 
stem introduced survey items: “After experiencing a 
change in course delivery/learning modality as a result 
of the COVID-19 pandemic… I feel confident in…”. The 
revised 11 item scale [61] based on two existing self-
efficacy scales in the literature, has been validated in a 
confirmatory factor analysis in a similar student sample. 
The overall internal reliability was 0.95. The scale has 
three subscales where 3 items measure online learn-
ing task self-efficacy, 4 items measure instructor and 
peer interaction and communication self-efficacy, and 4 
items measure self-regulation and motivation efficacy. 
The scale score of self-efficacy was calculated by aver-
aging all 11 items. The internal reliability for each of the 
three subscales ranged from 0.78 to 0.92. Exemplary 
items are: I feel confident in taking an online quiz/test, 
I can manage study time for my online courses by set-
ting goals.

Learning modality change coI scale
A revised 14-item scale (4 items on cognitive presence, 5 
items on social presence, and 5 items on teaching pres-
ence) was validated in a confirmatory factor analysis in 
a similar student sample [61], showing good data-model 
fit. The research team modified the survey items to 
reflect the changes in the perceived impacts of remote 
learning with traditional face-to-face classes. A com-
mon stem introduced the items for the CoI portion of 
the survey, which read as follows: "After my courses went 
online due to the pandemic…". The exemplary items are: 
The instructors were able to guide the class effectively to 
completing the course activities; I was equally involved in 
interactions with peers as I was in face-to-face courses. 
The overall Cronbach’s alpha reliability coefficients were 
estimated for the new Learning Modality Change Com-
munity of Inquiry scale was 0.92. The internal reliabil-
ity for each of the three subscales of Learning Modality 
Change CoI scale ranged from 0.89 to 0.92. Subscale 
scores of CoI were calculated by averaging the respective 
items in each subscale.

Favorability of sustained remote learning
To assess students’ Favorability of Sustained Remote 
Learning (FSRL), two items were adapted from a 

validated study measuring attitudes change towards 
online learning [45], another two items developed by the 
research team were also included in the survey. The four 
items were as such: As a result of taking online courses 
during the pandemic…I prefer online classes to face to 
face classes, I believe that online classes could replace 
face to face classes, I am more willing to enroll in online 
classes than I was before, and I discovered that online 
learning is not for me. A six-point Likert scale was used. 
The internal reliability was 0.92. The scale score of FSRL 
was calculated averaging all 4 items.

Statistical analysis
First, descriptive analysis was conducted to gain infor-
mation about the subjects and variation in participant 
characteristics. Second, inferential analysis isolated spe-
cific effects of each CoI presence type, as mediated by 
self-efficacy, on favorability of SRLEs. Latent mediation 
models and Maximum likelihood estimation with robust 
standard errors (MLR) were used with structural equa-
tion modeling analysis. MLR is robust to no-normal data, 
and it can handle missing information [62]. Additionally, 
simulation studies demonstrated that MLR and categori-
cal least squares produce similar results even when ordi-
nal variables of six to seven categories were used [63]. 
To account for potentially non-normal distribution of 
the indirect effect and to address concerns of statistical 
power [64] a non-symmetric and bias-corrected boot-
strap confidence interval was requested in Mplus.

Since students nested within institutions, the intra-
class correlation coefficient of outcome variable FSRL 
(ICC = 0.04) was computed to consider whether there is 
evidence of clustered observations within institutions. 
Heck et al. [65] suggested 0.05 as a rough cutoff of sub-
stantial clustering. Other researchers indicated that even 
trivial amounts of clustering may still have substan-
tial effects on inferences [66]. As a robustness check, to 
account for the nested nature of data (i.e., students nested 
within institutions), dummy coded variables with institu-
tions were added as covariates to the mediation models.

Results
Descriptive statistics for observed scale scores are pre-
sented in Table 1. Each of the scale scores was averaged 
by its number of items so that all the scale score means 
are comparable against the scale of 1 to 6. The overall 
mean for students’ rating about the favorability of sus-
tained remote learning was 3.44 with a standard deviation 
of 1.53, indicating moderate attitudes toward sustained 
remote learning from health professions students. Social 
presence was found to be the lowest (M = 2.72 out of 6) 
among health professions students, followed by cognitive 
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presence and teaching presence. By contrast, students 
reported a high level of self-efficacy (M = 4.23) with sus-
tained remote learning.

Bivariate correlations between observed scale 
scores are shown in Table 2. The correlations between 
observed scale scores of three CoI components and 
FSRL ranged from 0.64 to 0.85, self-efficacy was associ-
ated with all three CoI components, ranging from 0.66 
to 0.71. Finally, FSRL was associated with self-efficacy 
(r = 0.70). All the correlations are statistically signifi-
cant (p < 0.001).

Standardized and unstandardized model coefficients 
and indirect effects are shown in Table 3 for three latent 
mediation models. Model fit indices indicated accept-
able model fit with Comparative Fit Index (CFI)/ Tucker‐
Lewis Index (TLI) greater than 0.9, and the Root Mean 
Square Error of Approximation (RMSEA)/Standard-
ized Root Mean Square Residual (SRMR) less than 0.8 
[67]. In model 1, teaching presence was found to be 
directly (βstandardized = 0.26, p < 0.01) and indirectly (indi-
rect effect = 0.53, p < 0.05, 95% CI = [0.36, 0.74]) associ-
ated with the FSRL through self-efficacy. See Fig.  1 for 
more detail of the model. In model 2, social presence 
was found to be directly (βstandardized = 0.35, p < 0.01) and 
indirectly (indirect effect = 0.33, p < 0.05, 95% CI = [0.22, 
0.47]) associated with the FSRL through self-efficacy (see 
Fig. 2). The significant, positive indirect effects indicated 
that students perceived higher levels of teaching presence 
and social presence in the remote learning environment 
were associated with higher levels of remote learning 

self-efficacy which, in turn, predicts variance in positive 
attitudes toward remote learning.

As shown in Fig. 3, cognitive presence was found to be 
directly (βstandardized = 0.83, p < 0.01) associated with the 
FSRL in model 3. However, the indirect effect through 
self-efficacy was not found to be significant (indirect 
effect = 0.13, p > 0.05, 95% CI = [-0.004, 0.26], ns) in this 
sample. Notably, the bias-corrected 90% CI = [0.03, 0.24] 
did not include zero, showing a significant indirect effect 
at p < 0.10.

In summary, each of the Community of Inquiry fac-
tors, that is, teaching presence and self-efficacy, social 
presence and self-efficacy, and cognitive presence and 
self-efficacy (although not showing a significant indi-
rect effect) explained 62%, 68%, and 88% of the variance 
respectively in favorability of sustained remote learning. 
As a robustness check against nested samples (students 
nested within institutions), 5 dummy coded institu-
tion variables were added as covariates to the mediation 
models [68]. With all else remaining unchanged, adding 
dummy coded variables did not substantially change the 
model results.

Discussion
Several significant results emanate from this study. In 
our model analysis all CoI presence types explained sig-
nificant portions of variance in FSRL, but only teaching 
presence and social presence demonstrated signifi-
cant mediation effects through self-efficacy. The initial 

Table 1  Descriptive of observed scale scores

Scale min max M SD

Self-Efficacy 2 6 4.23 0.97

Favorability of Sustained Remote Learning 1 6 3.44 1.53

Teaching Presence 1 6 3.55 1.23

Social Presence 1 6 2.72 1.36

Cognitive Presence 1 6 3.02 1.34

Table 2  Bivariate correlations between observed scale scores

Note. All correlations are statistically significant, all p values < .001

Self-Efficacy Favorability of SRL Teaching Presence Social Presence Cognitive 
Presence

Self-Efficacy 1.00

Favorability of Sustained 
Remote Learning

0.70 1.00

Teaching Presence 0.71 0.64 1.00

Social Presence 0.66 0.65 0.67 1.00

Cognitive Presence 0.70 0.85 0.65 0.78 1.00
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review of the factor loadings on the latent constructs 
were high and significant suggesting strong construct 
validity [61] and, therefore, justification to extend CoI 
as a framework for this novel learning environment. 
Further, FSRL was strong, indicating health professions 
students were negotiating the demands of SRLE despite 
course modality challenges. Finally, the mediation 
model with self-efficacy helped explain the relationship 
between each social, cognitive, and teaching presence 
and FSRL.

Despite previous studies emphasis on CoI as a valid 
framework for investigating planned online learning 
[23–25] the confidence in framework stability in SRLEs 
was uncertain, particularly in health professions educa-
tion. Our findings illuminate the relationship between 
CoI types and self-efficacy [11] signifying the robust-
ness of these findings. Specifically, health professions 
students who experience positive online experiences 
[46–48], likely through faculty interactions and efforts, 
may have lessened the issues and barriers associated with 
the course modality changes. In line with the previous 
research, such interactions may have also helped stu-
dents’ participation and attitude [15, 16].

These results have both theoretical and practical 
implications. This study tested the theoretical frame-
work of CoI and its three presence types establishing 
it as a relevant and stable framework for investigating 
sustained remote learning environments. Considering 
the likelihood of continued pandemic-related lock-
downs and the need for institutions to prepare for 
other modality-altering threats [20], the study mini-
mizes the presumption of importance of self-selec-
tion for online modalities and emphasizes the role of 
self-efficacy.

Attitudes about learning environments have changed 
in recent years. Prior to the COVID-19 pandemic, 
most health professions education took place in face-
to-face settings [69] and transitioning online presented 
numerous challenges such as lack of training and insti-
tutional infrastructure to provide support [70–72]. 
Moreover, medical and health profession student atti-
tudes toward online learning were stable over the prior 
10  years with positive prior experiences correlated 
with satisfaction and increased knowledge [73]. Our 
results may inform practitioners in facilitating SRLEs 
because our data were collected during the stage of 

Table 3  Latent mediation model estimation results

Note. FSRL = Favorability of Sustained Remote Learning, SE = Self-Efficacy, COI_T = Teaching Presence, COI_S = Social Presence, COI_C = Cognitive Presence
*  p < .05. ** p < .01. *** p < .001. # p < .10

βstandardized βunstandardized 95% CI

Model 1
FSRL on SE 0.54 1.22 [0.76, 1.73] ***

COI_T 0.31 0.42 [0.18, 0.70] **

SE on COI_T 0.72 0.43 [0.30, 0.59] ***

Indirect Effect – 0.53 [0.36, 0.74] *

R squared for FSRL 0.62

Model 2
FSRL on SE 0.50 1.15 [0.77, 1.57] ***

COI_S 0.42 0.46 [0.30, 0.63] ***

SE on COI_S 0.61 0.29 [0.20, 0.38] ***

Indirect Effect – 0.33 [0.22, 0.47] *

R squared for FSRL 0.68

Model 3
FSRL on SE 0.15 0.35 [-0.02, 0.69] #

COI_C 0.82 1.00 [0.80, 1.24] ***

SE on COI_C 0.73 0.38 [0.28, 0.52] ***

Indirect Effect – 0.13 [-0.004, 0.26] #

R squared for FSRL 0.88

Chi-square df CFI TLI RMSEA SRMR
Model 1 351.01 162 0.92 0.91 0.08 0.07

Model 2 362.46 161 0.92 0.91 0.08 0.08

Model 3 325.26 144 0.93 0.91 0.08 0.06
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COVID-19 in which long term impacts were begin-
ning to be felt [74]. SRLEs are likely to continue [4], 
and institutions have a demonstrated need to manage 
course modality changes [20].

Recommendations
This study demonstrates that student attitudes about 
non-traditional learning environments is dependent 
upon CoI presence and self-efficacy, both of which may 
be influenced through institutional efforts led by pro-
gram directors and faculty. Health professions program 
directors may view the found relationship between CoI 
presence and self-efficacy considering the entire curricu-
lum, evaluating efforts to drive presence and supporting 
student self-efficacy as a variety of course modalities are 
offered by the program.

Faculty may take advantage of the findings of this study 
by devising strategies to address student attitudes and 
self-efficacy in SRLEs. Simple and practical strategies to 
increase social, cognitive, and teaching presence, such 
as inviting personal stories and engaging in a variety of 

communication platforms, may positively impact student 
attitudes. Furthermore, identifying course designs which 
aid in self-efficacy improvement (task difficulty modera-
tion, student autonomy, etc.) and exposing students to 
social modeling and mastery experiences to increase self-
efficacy [39, 75] may, based on the findings of this study, 
improve student attitudes in SRLEs.

In this later phases of the COVID-19 pandemic, there 
has been accelerated attention and emphasis on the qual-
ity of the learning environments and student outcomes 
across health professions programs [76]. The pandemic 
has clearly highlighted the increasing role that technol-
ogy will play along the continuum of knowledge acqui-
sition and for clinical skill development. These changes 
have helped to improve the educational process by pro-
viding an alternative method of connecting student 
and faculty. This trend will only accelerate as pressures 
increase to develop and deliver optimal remote learn-
ing environments. Findings from this study within the 
current CoI framework suggest there are many ele-
ments to support a sustained remote health professions 

Fig. 1  Teaching Presence and Self-Efficacy Mediation Model. Note: TP = Teaching Presence, CoI_T = CoI-Teaching Presence, SOLSE = Student 
perceived online learning self-efficacy, FSRL = Favorability of Sustained Remote Learning; Squares represent observed item scores, circles represent 
underlying latent construct measured indirectly through those observed items. The latent constructs remove the measurement error in the 
observed scores, which leads to more accurate estimates of the relationship between latent constructs. This figure demonstrates significant direct 
effect between teaching presence and favorability of sustained remote learning and significant indirect effect through self-efficacy. Thus, higher 
levels of presence, and higher levels of self-efficacy, can predict positive attitudes toward sustained remote learning environments.* p < .05. ** 
p < .01. *** p < .001
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educational environment including the perspectives of 
the student learner, practices that surround that learning 
experience, and virtual spaces in which it occurs.

Limitations of this study are that the sample may not 
be representative of all students enrolled in health pro-
fessions programs. We recognize the vast diversity in 
student populations that future research should attend 
to, including more specific student populations as 
the curriculum and resources in these programs vary, 
and randomized sampling to limit selection bias [77]. 
Nonetheless, this study provides valuable insight into 
self-efficacy and student attitudes in emerging learn-
ing environments. Although this study was focused 
on the relationship between latent constructs in an 
emerging learning environment, more studies with 
larger datasets can be used to replicate and confirm 
findings. Given the nature of the observational data, 
no causal inference should be made about the rela-
tionships. In addition, this study examined CoI in the 
SRLE context of the United States, and although CoI 
has been studied in international contexts for online 

environments, the international SRLE context has not 
been fully explored.

Finally, this study delimited the exploration of race, 
ethnicity, and gender because the focus of this analysis 
was to assess the value of the CoI framework within 
a SRLE context. Because self-efficacy is known to be 
affected by race, ethnicity, and gender [43, 44, 78], 
future researchers may explore demographic effects, 
or their moderating role, in a CoI/SRLE model.

Conclusion
The findings of this study are timely and relevant to 
current health professions program initiatives related 
to sustained remote learning. Our findings suggest that 
teaching and learning concerns at the rapid transition 
online phase of the pandemic may have diminished 
over time as the sustained remote learning environ-
ment becomes more stable. Results showed direct and 
indirect effects for teaching presence and self-efficacy 
and social presence and self-efficacy on students’ atti-
tudes toward sustained remote learning, which have 
both theoretical and practical impacts for sustained 

Fig. 2  Social Presence and Self-Efficacy Mediation Model. Note: SP = Social Presence, CoI_S = CoI-Social Presence, SOLSE = Student perceived online 
learning self-efficacy, FSRL = Favorability of Sustained Remote Learning; Squares represent observed item scores, circles represent underlying latent 
construct measured indirectly through those observed items. The latent constructs remove the measurement error in the observed scores, which 
leads to more accurate estimates of the relationship between latent constructs. This figure demonstrates significant direct effect between social 
presence and favorability of sustained remote learning and significant indirect effect through self-efficacy. Thus, higher levels of presence, and 
higher levels of self-efficacy, can predict positive attitudes toward sustained remote learning environments.* p < .05, ** p < .01, *** p < .001
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remote teaching and learning. Support focused on 
broadening knowledge and skills of teaching and learn-
ing in SRLE may be beneficial.

Acknowledgements
Thank you to all members of the interinstitutional AERA Division I team who 
contributed to the overall research project.

Authors’ contributions
All authors were involved in conceiving the study and reviewing the manu-
script. AB substantially contributed to the literature review and discussion, TH 
substantially contributed to methods, and YJ substantially contributed to data 
analysis, results, tables, and figures. All authors read and approved the final 
manuscript.

Funding
No funding was received to assist with the conducting of this study nor prepa-
ration of this manuscript.

Availability of data and materials
The datasets generated during and/or analyzed during the current study are 
available from the corresponding author on reasonable request.

Declarations

Ethics approval and consent to participate
Study Approval: The questionnaire and methodology for this study was 
approved by the Eastern Virginia Medical School, Louisiana State University 
Health Sciences Center, and Rutgers University Institutional Review Boards.

Informed Consent to Participate: Informed consent was obtained from all 
individual participants included in the study in accordance with relevant 
guidelines and regulations.

Consent for publication
Not applicable.

Competing interests
All authors certify that they have no affiliations with or involvement in any 
organization or entity with any financial interest or non-financial interest in the 
subject matter or materials discussed in this manuscript.

Author details
1 Eastern Virginia Medical School, School of Health Professions, P.O. Box 1980, 
Norfolk, VA 23501‑1980, USA. 2 School of Health Professions, The State 
University of New Jersey, Newark, NJ, USA. 3 Department of Physical Therapy, 
Louisiana State University Health Sciences Center- New Orleans, New Orleans, 
LA, USA. 

Received: 22 December 2022   Accepted: 21 May 2023

References
	1.	 Almarzooq ZI, Lopes M, Kochar A. Virtual learning during the COVID-19 

pandemic: a disruptive technology in graduate medical education. J Am 
Coll Cardiol. 2020;75(20):2635–8.

Fig. 3  Cognitive Presence and Self-Efficacy Mediation Model. Note: CP = Cognitive Presence, CoI_C = CoI-Cognitive Presence, SOLSE = Student 
perceived online learning self-efficacy, FSRL = Favorability of Sustained Remote Learning; Squares represent observed item scores, circles represent 
underlying latent construct measured indirectly through those observed items. The latent constructs remove the measurement error in the 
observed scores, which leads to more accurate estimates of the relationship between latent constructs. This figure demonstrates significant direct 
effect between teaching presence and favorability of sustained remote learning. Thus, higher levels of presence can predict positive attitudes 
toward sustained remote learning environments. The indirect role of self-efficacy was not a significant mediator of attitudes toward sustained 
remote learning environments.* p < .05, ** p < .01, *** p < .001



Page 10 of 11Burbage et al. BMC Medical Education          (2023) 23:481 

	2.	 Seah B, Ang EN, Liaw SY, Lau ST, Wang W. Curriculum changes for pre-
registration nursing education in times of COVID-19: For the better or 
worse?. Nurse Educ Today. 2021;98:104743.

	3.	 Means B, Bakia M, Murphy R. Learning online: What research tells us 
about whether, when and how. New York: Routledge; 2014.

	4.	 Lederman D. Detailing last Fall’s online enrollment surge: Number of 
students studying exclusively or partially online ballooned in Fall 2020, 
especially among undergraduates and at public universities. Inside High-
erEd [Internet]. 2021. [cited 2022 Dec 15]. Available from: https://​www.​
insid​ehigh​ered.​com/​news/​2021/​09/​16/​new-​data-​offer-​sense-​how-​covid-​
expan​ded-​online-​learn​ing.

	5.	 Ezarik M. Covid-era college: Are students satisfied. Inside HigherEd 
[Internet]. 2021. [cited 2022 Dec 15]. Available from: https://​www.​insid​
ehigh​ered.​com/​news/​2021/​03/​24/​stude​nt-​exper​iences-​during-​covid-​
and-​campus-​reope​ning-​conce​rns.

	6.	 Stewart WH, Baek Y, Lowenthal PR. From Emergency Remote Teaching 
(ERT) to Sustained Remote Teaching (SRT): A comparative semester 
analysis of exchange students’ experiences and perceptions of learning 
online during COVID-19. Online Learning. 2022. https://​doi.​org/​10.​24059/​
olj.​v26i2.​2661.

	7.	 Kennesaw State University. Online learning vs. Remote learning: Kenne-
saw State University [Internet]. Kennesaw (GA): Kennesaw State University 
(US); [reviewed 2022 Dec 15; cited 2023 Jan 15]. Available from: https://​
dli.​kenne​saw.​edu/​resou​rces/​idmod​els/​online_​learn​ing_​vs_​remote_​learn​
ing.​php.

	8.	 Garrison DR, Anderson T, Archer W. Critical inquiry in a text-based 
environment: Computer conferencing in higher education. Internet High 
Educ. 1999;2(2-3):87–105.

	9.	 Martin F, Wu T, Wan L, Xie K. A meta-analysis on the community of inquiry 
presences and learning outcomes in online and blended learning envi-
ronments. Online Learn. 2022;26(1):325–59.

	10.	 Bong M, Skaalvik EM. Academic self-concept and self-efficacy: How differ-
ent are they really? Educ Psychol Rev. 2003;15(1):1–40.

	11.	 Kuo Y-C, Walker AE, Schroder KE, Belland BR. Interaction, internet self-
efficacy, and self-regulated learning as predictors of student satisfaction 
in online education courses. Internet high educ. 2014;20:35–50.

	12.	 Lim CK. Computer self-efficacy, academic self-concept, and other predic-
tors of satisfaction and future participation of adult distance learners. Am 
J Distance Educ. 2001;15(2):41–51.

	13.	 Kahu ER, Nelson K. Student engagement in the educational interface: 
Understanding the mechanisms of student success. High Educ Res Dev. 
2018;37(1):58–71.

	14.	 Sökmen Y. The role of self-efficacy in the relationship between the learn-
ing environment and student engagement. Educ Stud. 2021;47(1):19–37.

	15.	 Koob C, Schröpfer K, Coenen M, Kus S, Schmidt N. Factors influencing 
study engagement during the COVID-19 pandemic: A cross-sectional 
study among health and social professions students. PLoS ONE. 
2021;16(7): e0255191.

	16.	 El-Sayad G, Md Saad NH, Thurasamy R. How higher education students in 
egypt perceived online learning engagement and satisfaction during the 
COVID-19 pandemic. J Comput Educ. 2021;8(4):527–50.

	17.	 Saiyad S, Virk A, Mahajan R, Singh T. Online teaching in medical training: 
Establishing good online teaching practices from cumulative experience. 
Int J Appl Basic Med Res. 2020;10(3):149.

	18.	 Tekian A, Harris I. Preparing health professions education leaders 
worldwide: A description of masters-level programs. Med Teach. 
2012;34(1):52–8.

	19.	 Oliveira G, Grenha Teixeira J, Torres A, Morais C. An exploratory study 
on the emergency remote education experience of higher education 
students and teachers during the COVID-19 pandemic. Br J Edu Technol. 
2021;52(4):1357–76.

	20.	 Temmerman N. Have universities learned how to be ready for a crisis? 
University World News [Internet]. 2021. [cited 2023 Jan 15]. Available 
from: https://​www.​unive​rsity​world​news.​com/​post.​php?​story=​20210​
20812​53197​19.

	21.	 Garrison DR, Anderson T, Archer W. Critical thinking, cognitive presence, 
and computer conferencing in distance education. Am J Distance Educ. 
2001;15(1):7–23.

	22.	 Castellanos-Reyes D. 20 years of the Community of Inquiry framework. 
TechTrends. 2020;64(4):557–60.

	23.	 Shea P, Hayes S, Smith SU, Vickers J, Bidjerano T, Pickett A, et al. Learn-
ing presence: Additional research on a new conceptual element 
within the Community of Inquiry (CoI) framework. Internet High Educ. 
2012;15(2):89–95.

	24.	 Stenbom S. A systematic review of the Community of Inquiry survey. 
Internet High Educ. 2018;39:22–32.

	25.	 Díaz SR, Swan K, Ice P, Kupczynski L. Student ratings of the importance of 
survey items, multiplicative factor analysis, and the validity of the com-
munity of inquiry survey. Internet High Educ. 2010;13(1–2):22–30.

	26.	 Akyol Z, Garrison DR. The development of a community of inquiry over time 
in an online course: Understanding the progression and integration of social, 
cognitive and teaching presence. J Asynchronous Learn Netw. 2008;12:3–22.

	27.	 Maddrell JA, Morrison GR, Watson GS. Presence and learning in a com-
munity of inquiry. Social presence and identity in online learning. New 
York: Routledge; 2020. p. 109–22.

	28.	 Arbaugh JB, Cleveland-Innes M, Diaz SR, Garrison DR, Ice P, Richardson JC, 
Swan KP. Developing a community of inquiry instrument: Testing a meas-
ure of the community of inquiry framework using a multi-institutional 
sample. Internet High Educ. 2008;11(3-4):133–6.

	29.	 Chen Y, Gao Q, Yuan Q, Tang Y. Discovering MOOC learner motivation and 
its moderating role. Behav Inf Tech. 2020;39(12):1257–75.

	30.	 Choy JL, Quek CL. Modeling relationships between students’ academic 
achievement and community of inquiry in an online learning environ-
ment for a blended course. Aus J of Edu Tech. 2016;32(4).

	31.	 Moreira J, Ferreira A, Almeida A. Comparing communities of inquiry of 
Portuguese higher education students: One for all or one for each? Open 
Praxis. 2013;5(2):165–78.

	32.	 Olpak YZ, Çakmak EK. Examining the reliability and validity of a turkish 
version of the community of inquiry survey. Onl Lrn J. 2018;22(1):147–61.

	33.	 Yu T, Richardson JC. Examining reliability and validity of a Korean version 
of the Community of Inquiry instrument using exploratory and confirma-
tory factor analysis. Internet High Educ. 2015;25:45–52.

	34.	 Fiock H. Designing a community of inquiry in online courses. The 
International Review of Research in Open and Distributed Learning. 
2020;21(1):135–53.

	35.	 Anderson T, Liam R, Garrison DR, Archer W. Assessing teaching pres-
ence in a computer conferencing context. J Asynchronous Learn Netw. 
2001;5(2):2–17.

	36.	 Richardson JC, Ice P, Swan K. Tips and techniques for integrating social, 
teaching, & cognitive presence into your courses. In poster, Distance 
Teaching & Learning: conference proceedings [Internet]. 2009 Aug; Uni-
versity of Wisconsin-Madison. Madison (WI USA): University Professional 
and Continuing Education Association, 2009 [cited 2022 Dec 15]. citation 
Available at: https://​bera-​journ​als.​onlin​elibr​ary.​wiley.​com/​doi/​10.​1002/​
rev3.​3367.

	37.	 Richardson JC, Maeda Y, Lv J, Caskurlu S. Social presence in relation to 
students’ satisfaction and learning in the online environment: A meta-
analysis. Comput Hum Behav. 2017;71:402–17.

	38.	 Richardson JC, Arbaugh JB, Cleveland-Innes M, Ice P, Swan KP, Garrison 
DR. Using the community of inquiry framework to inform effective 
instructional design. The next generation of distance education: Springer; 
2012. p. 97–125.

	39.	 Bandura A. Self-efficacy: toward a unifying theory of behavioral change. 
Psychol Rev. 1977;84(2):191.

	40.	 Associated Press. Taking a step back: US colleges returning to online 
classes. US News & World Report [Internet]. 2022. [cited 2022 Dec 15]. 
Available from https://​apnews.​com/​artic​le/​coron​avirus-​pande​mic-​
health-​educa​tion-​chica​go-​pande​mics-​7eac0​7fbfd​7ec0c​26861​8d017​
838aa​fb.

	41.	 Rodriguez C. College interrupted: Many students chose to take time 
off instead of remote learning during the coronavirus pandemic. CNBC 
[Internet]. 2021. [cited 2022 Dec 15]. Available from: https://​www.​cnbc.​
com/​2021/​06/​09/​many-​colle​ge-​stude​nts-​chose-​time-​off-​over-​remote-​
learn​ing-​during-​covid.​html.

	42.	 Lin S, Hung TC, Lee CT. Revalidate forms of presence in training 
effectiveness: Mediating effect of self-efficacy. J Educ Comput Res. 
2015;53(1):32–54.

	43.	 Byars-Winston A, Diestelmann J, Savoy JN, Hoyt WT. Unique effects and 
moderators of effects of sources on self-efficacy: A model-based meta-
analysis. J Couns Psychol. 2017;64(6):645.

https://www.insidehighered.com/news/2021/09/16/new-data-offer-sense-how-covid-expanded-online-learning
https://www.insidehighered.com/news/2021/09/16/new-data-offer-sense-how-covid-expanded-online-learning
https://www.insidehighered.com/news/2021/09/16/new-data-offer-sense-how-covid-expanded-online-learning
https://www.insidehighered.com/news/2021/03/24/student-experiences-during-covid-and-campus-reopening-concerns
https://www.insidehighered.com/news/2021/03/24/student-experiences-during-covid-and-campus-reopening-concerns
https://www.insidehighered.com/news/2021/03/24/student-experiences-during-covid-and-campus-reopening-concerns
https://doi.org/10.24059/olj.v26i2.2661
https://doi.org/10.24059/olj.v26i2.2661
https://dli.kennesaw.edu/resources/idmodels/online_learning_vs_remote_learning.php
https://dli.kennesaw.edu/resources/idmodels/online_learning_vs_remote_learning.php
https://dli.kennesaw.edu/resources/idmodels/online_learning_vs_remote_learning.php
https://www.universityworldnews.com/post.php?story=20210208125319719
https://www.universityworldnews.com/post.php?story=20210208125319719
https://bera-journals.onlinelibrary.wiley.com/doi/10.1002/rev3.3367
https://bera-journals.onlinelibrary.wiley.com/doi/10.1002/rev3.3367
https://apnews.com/article/coronavirus-pandemic-health-education-chicago-pandemics-7eac07fbfd7ec0c268618d017838aafb
https://apnews.com/article/coronavirus-pandemic-health-education-chicago-pandemics-7eac07fbfd7ec0c268618d017838aafb
https://apnews.com/article/coronavirus-pandemic-health-education-chicago-pandemics-7eac07fbfd7ec0c268618d017838aafb
https://www.cnbc.com/2021/06/09/many-college-students-chose-time-off-over-remote-learning-during-covid.html
https://www.cnbc.com/2021/06/09/many-college-students-chose-time-off-over-remote-learning-during-covid.html
https://www.cnbc.com/2021/06/09/many-college-students-chose-time-off-over-remote-learning-during-covid.html


Page 11 of 11Burbage et al. BMC Medical Education          (2023) 23:481 	

•
 
fast, convenient online submission

 •
  

thorough peer review by experienced researchers in your field

• 
 
rapid publication on acceptance

• 
 
support for research data, including large and complex data types

•
  

gold Open Access which fosters wider collaboration and increased citations 

 
maximum visibility for your research: over 100M website views per year •

  At BMC, research is always in progress.

Learn more biomedcentral.com/submissions

Ready to submit your researchReady to submit your research  ?  Choose BMC and benefit from: ?  Choose BMC and benefit from: 

	44.	 Stephen JS, Rockinson-Szapkiw AJ, Dubay C. Persistence model of non-
traditional online learners: Self-efficacy, self-regulation, and self-direction. 
Am J Distance Educ. 2020;34(4):306–21.

	45.	 Chu AM, Liu CK, So MK, Lam BS. Factors for sustainable online learn-
ing in higher education during the COVID-19 pandemic. Sustainability. 
2021;13(9):5038.

	46.	 Savelsbergh ER, Prins GT, Rietbergen C, Fechner S, Vaessen BE, Draijer 
JM, et al. Effects of innovative science and mathematics teaching on 
student attitudes and achievement: A meta-analytic study. Educ Res Rev. 
2016;19:158–72.

	47.	 Huitt TW, Killins A, Brooks WS. Team-based learning in the gross anatomy 
laboratory improves academic performance and students’ attitudes 
toward teamwork. Anat Sci Educ. 2015;8(2):95–103.

	48.	 Stoffel JM, Cain J. Review of grit and resilience literature within health 
professions education. Amer J of Pharm Ed. 2018;82(2).

	49.	 Orsini CA, Binnie VI, Tricio JA. Motivational profiles and their relationships 
with basic psychological needs, academic performance, study strategies, 
self-esteem, and vitality in dental students in Chile. J of Ed Eval for Health 
Prof. 2018;15.

	50.	 Edgar S, Carr SE, Connaughton J, Celenza A. Student motivation to 
learn: Is self-belief the key to transition and first year performance 
in an undergraduate health professions program? BMC Med Educ. 
2019;19(1):1–9.

	51.	 Walker ER, Lang DL, Alperin M, Vu M, Barry CM, Gaydos LM. Compar-
ing student learning, satisfaction, and experiences between hybrid 
and in-person course modalities: A comprehensive, mixed-methods 
evaluation of five public health courses. Pedagogy in Health Promotion. 
2021;7(1):29–37.

	52.	 Cleland J, Foo J, Ilic D, Maloney S, You Y. “You can’t always get what you 
want…”: Economic thinking, constrained optimization and health profes-
sions education. Adv Health Sci Educ. 2020;25(5):1163–75.

	53.	 Joo YJ, Lim KY, Kim EK. Online university students’ satisfaction and persis-
tence: Examining perceived level of presence, usefulness and ease of use 
as predictors in a structural model. Comput Educ. 2011;57(2):1654–64.

	54.	 Roh SZ. Structural relationships of adult e-learners’ teaching presence, 
self-efficacy toward e-learning, and learning satisfaction: Focused on the 
mediating effect of learning presence and learning flow. International 
Information Institute (Tokyo) Information. 2015;18(6 (B)):2759.

	55.	 Khalid MN, Quick D. Teaching presence influencing online students’ 
course satisfaction at an institution of higher education. Int Educ Stud. 
2016;9(3):62–70.

	56.	 Nagorski T, Garcia J, Labbate, M. World in photos: In China, COVID 
lockdown redux — 21 million people have been told to stay home. Grid 
Today [Internet]. 2022. [cited 2023 Jan 15]. Available from: https://​theme​
sseng​er.​com/​grid/​world-​in-​photos-​in-​china-​covid-​lockd​own-​redux-​21-​
milli​on-​people-​have-​been-​told-​to-​stay-​home.

	57.	 Lew L. Wuhan locks down part of city center as COVID cases emerge. 
Bloomberg [Internet]. 2022. [cited 2022 Dec 15]. Available from: https://​
www.​bloom​berg.​com/​news/​artic​les/​2022-​10-​26/​china-s-​wuhan-​locks-​
down-​part-​of-​city-​center-​as-​covid-​cases-​emerge#​xj4y7​vzkg.

	58.	 Tulshyan V, Sharma D, Mittal M. An eye on the future of COVID-19: 
Prediction of likely positive cases and fatality in india over a 30-day 
horizon using the prophet model. Disaster Med Public Health Prep. 
2022;16(3):980–6.

	59.	 Kudzinskas A, Giddins M. Anatomy Education during COVID-19: Review of 
teaching methods and thematic map. Euro J of Anat. 2021;145–51.

	60.	 Elhaty IA, Elhadary T, Elgamil R, Kilic H. Teaching university practical 
courses online during COVID-19 crisis: A challenge for elearning. J Crit 
Rev. 2020;7(8):2865–73.

	61.	 Jia Y, Gesing P, Jun H-J, Burbage AK, Hoang T, Kulo V, et al. Exploring the 
impacts of learning modality changes: Validation of the learning modality 
change community of inquiry and self-efficacy scales. Educ Inf Technol. 
2022;28(2):1763–81.

	62.	 Yuan K-H, Bentler PM. 5. Three likelihood-based methods for mean and 
covariance structure analysis with nonnormal missing data. Sociol Meth-
odol. 2000;30(1):165–200.

	63.	 Rhemtulla M, Brosseau-Liard PÉ, Savalei V. When can categorical variables 
be treated as continuous? A comparison of robust continuous and cat-
egorical sem estimation methods under suboptimal conditions. Psychol 
Methods. 2012;17(3):354.

	64.	 Hayes AF, Scharkow M. The relative trustworthiness of inferential tests of 
the indirect effect in statistical mediation analysis: Does method really 
matter? Psychol Sci. 2013;24(10):1918–27.

	65.	 Heck RH, Thomas SL, Tabata LN. Multilevel and longitudinal modeling 
with IBM SPSS. New York: Routledge; 2013.

	66.	 Pituch K, Stevens J. Applied multivariate statistics for the social sciences. 
6th ed. New York: Routledge; 2016.

	67.	 Hu Lt, Bentler PM. Cutoff criteria for fit indexes in covariance structure 
analysis: Conventional criteria versus new alternatives. Structural equa-
tion modeling: a multidisciplinary journal. 1999;6(1):1–55.

	68.	 Huang FL. Alternatives to multilevel modeling for the analysis of clus-
tered data. J Exp Educ. 2016;84(1):175–96.

	69.	 Enoch TR, Williams RC. Why face-to-face medical education will prevail 
despite the world’s swift acclimatisation to virtual learning. Postgrad Med 
J. 2022;98(e3):e146–7.

	70.	 Dyrbye L, Cumyn A, Day H, Heflin M. A qualitative study of physicians’ 
experiences with online learning in a masters degree program: Benefits, 
challenges, and proposed solutions. Med Teach. 2009;31(2):e40–6.

	71.	 Niebuhr V, Niebuhr B, Trumble J, Urbani MJ. Online faculty development 
for creating e-learning materials. Education for health. 2014;27(3):255.

	72.	 Perlman RL, Christner J, Ross PT, Lypson ML. A successful faculty develop-
ment program for implementing a sociocultural eportfolio assessment 
tool. Acad Med. 2014;89(2):257–62.

	73.	 Cook DA, Thompson WG. Comfort and experience with online learning: 
Trends over nine years and associations with knowledge. BMC Med Educ. 
2014;14(1):1–5.

	74.	 Forrester. Four phases of the coronavirus pandemic. Forbes [Internet]. 
2020. [cited 2022 Nov 15]. Available from: https://​www.​forbes.​com/​sites/​
forre​ster/​2020/​04/​09/​four-​phases-​of-​the-​coron​avirus-​pande​mic/?​sh=​
66780​f2f42​62.

	75.	 Bruning RH, Schraw GJ, Ronning RR. Cognitive psychology and instruc-
tion. Prentice-Hall, Inc., One Lake Street, Upper Saddle River, NJ 07458; 
1999.

	76.	 Thibault GE. The future of health professions education: Emerging trends 
in the United States. FASEB BioAdvances. 2020;2(12):685–94.

	77.	 Etikan I, Bala K. Sampling and sampling methods. Biom Biostat Int J. 
2017;5(6):00149.

	78.	 Sheu H-B, Lent RW, Miller MJ, Penn LT, Cusick ME, Truong NN. Sources 
of self-efficacy and outcome expectations in science, technology, 
engineering, and mathematics domains: A meta-analysis. J Vocat Behav. 
2018;109:118–36.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.

https://themessenger.com/grid/world-in-photos-in-china-covid-lockdown-redux-21-million-people-have-been-told-to-stay-home
https://themessenger.com/grid/world-in-photos-in-china-covid-lockdown-redux-21-million-people-have-been-told-to-stay-home
https://themessenger.com/grid/world-in-photos-in-china-covid-lockdown-redux-21-million-people-have-been-told-to-stay-home
https://www.bloomberg.com/news/articles/2022-10-26/china-s-wuhan-locks-down-part-of-city-center-as-covid-cases-emerge#xj4y7vzkg
https://www.bloomberg.com/news/articles/2022-10-26/china-s-wuhan-locks-down-part-of-city-center-as-covid-cases-emerge#xj4y7vzkg
https://www.bloomberg.com/news/articles/2022-10-26/china-s-wuhan-locks-down-part-of-city-center-as-covid-cases-emerge#xj4y7vzkg
https://www.forbes.com/sites/forrester/2020/04/09/four-phases-of-the-coronavirus-pandemic/?sh=66780f2f4262
https://www.forbes.com/sites/forrester/2020/04/09/four-phases-of-the-coronavirus-pandemic/?sh=66780f2f4262
https://www.forbes.com/sites/forrester/2020/04/09/four-phases-of-the-coronavirus-pandemic/?sh=66780f2f4262

	The impact of community of inquiry and self-efficacy on student attitudes in sustained remote health professions learning environments
	Abstract 
	Background 
	Methods 
	Results 
	Conclusions 

	Community of inquiry
	Self-efficacy
	Attitudes towards learning

	Methods
	Participants
	Measures
	Learning modality change self-efficacy scale
	Learning modality change coI scale
	Favorability of sustained remote learning

	Statistical analysis

	Results
	Discussion
	Recommendations

	Conclusion
	Acknowledgements
	References


